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Purpose of Presentation

ATo present approximately 25 features of PSW
models that | believe to be important to
understand because they are either

AAcknowledged in the literature as defining features
AUsed by researchers to evaluate model agreement

AUsed by researchers to determine positive and negative
predictive values (i.e., how likely is it that the model
aaSua #rd NAIKUGEDL

ANot considered by researchers, but should be because
they are important distinguishing characteristics or
features that would likely change the results of their
conclusions
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AHelp practitioners and researchers understand model
differences

A Assists in better informed selection of PSW model for use in
schools or private settings

A Assist researchers in operationalizing PSW models with the
benefit of providing results that will lead to better models or
better methods of SLD identification

ACompeting visions
AEach model captures the

AEach model identifies different peopléhere is not
a lot of overlap
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Excerpts from the Foreword t&ssentials of SLD IdentificatipBe
Vincent C. Alfonso and Dawn P. Flanagan

7 7 The greatest problem readers will face will
be one of deciding which model(s) to follow, because all are appealing. There are
authors of chapters in this work with whom I have had scholarly exchanges, and
with whom I vehemently disagree on some issues but with whom I find myselfin
agreement on others. So I must count myself among those who will experience
great dissonance in adopting and recommending a specific model of diagnosis for
all children suspected of SLD to others based on the models proffered herein. We
have much to learn from the disagreements in this work, and it is indeed such
disagreements and lack of compatibility of models and methods on which science
| thrives. I suspect that as our science moves forward, we will continue to find, as we
| have since the mid-2000s, that all of these models have merit and utility for
4 accurate and appropriate identification of individuals with SLD but not for the
of Specific same individuals. Individuals with SLD make up a heterogeneous group, and we

Learning Disability | eryly need different models for their accurate identification (aka different strokes
for different folks) that are objective and evidence-based, such as provided in this
‘work. Now, if we can just make them all part of a common, coherent system and
stop the search for the one answer to the diagnosis of SLD for all students and the
one teaching model that educates them all effectively—that will be our greatest

progress!

Thi nk about é

AWhat is SLD?
AWhat should a child with SLD look like?
AWhat does a child without SLD look like?

Thené

APick a model that captures it best
AFollow the research

AUse it as a tool to inform diagnostic decisions, not
to make those decisions for you
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Federal Definition of SLD

A Alisorder in one or more of the basic
psychological processésvolved in understanding

or using language, spoken or written, which
manifests itself in the imperfect ability to listen,
think, speak, read, write, spell, or do mathematical
calculations. Such terms include such conditions as
perceptual disabilities, brain injury, minimal brain
dysfunction, dysl exi a,

Alternative ResearchBased Approaches to SLD Identification

Five PSW Methods

(listed in publication order)

A Naglieri, (1999, 2013); Naglieri and Feifer (2018)

A Discrepancy/Consistenc{ {.S2D/C; usedonly with the CAS2PASS score
analyzer}

A Flanagan, Ortiz, & Alfonso (200Present)

A Dual-Discrepancy/Consistenci 0/C; automated by the PSW component of the
CrossBattery Assessment Software SystefriBASS

A Hale & Fiorello, (2004, 2011)
A Concordancaliscordance model{DM; not automated)
A Dehn & Szasz (2018)
A Psychological Processingnalyzer(PPA)
A Schultz & Stephens (2018)
A CoreSelective Evaluation Process-GEP; not automated)

Orange= Name of Method
Green= Automation Available
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Conceptual Similarities Among PSW Methods

COGNITIVE ACADEMIC
WEAKNESS/DEFICIT

WEAKNESS/DEFICIT Consistent
Cognitive Ability and/or ‘ ’ Academic Skills

Processing Weaknesses Weaknesses

How Would You Operationalize This Pattern?

Federal Regulations

(34 CFR 300.311(a)(5)), (34 CFR 300.309(a)(2(ii))

AEvaluation documentation must consider whether the
student exhibits a pattern of strengths and weaknesse:
Aln performance, achievement or both

ARelative to age, State approved grade levels standaards,
intellectual development

AThat is determined by the group to be relevant to the
identification of SLD using appropriate instruments

Rules
R 4

10



AAIl model authors were contacted and asked to
review how we represented their model
AModifications and corrections were made accordingly

ATables are updated from their original presentation at
NASP 2019

AWork being prepared from publication (Engler, Flanagan,
& Pata, 2019)

AlInformation in this presentation is subject to change
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Models are listed in order of publication
Pattern of Strengths and Weaknesses Method

Feature

¥es, No = positive DD/C | CDM [WISC-V.\ PPA | C-SEP
Yes, No = negative ) ) D/C (i, (Hale & PSW 4 (Dehn & (Schultz &
= neither pos. nor neg., just different b Ortiz, Alfonso) Fiorello) (With KTEA- Szasz) Stephens)
(features and designations provided by Dawn Flanagan (Naglieri) i 0T WIAT.TI
and may vary by model author) Paarion) &
L. Based on theory Yes Yes Yes Lo Yes T s
PASS CHC Neuropsych Newropsyeli | Neuropsych
(and neuropsych) (and CHC) ' fand €CHC) | (and possibly
© % . | cHC basedon
overlapping
3
2. Exclusionary factors must be Yes Yes Yes ¥ Yes Yes
considered in identification of SLD
3. Clinical judgment necessary to inform Yes Yes Yes ¥e Yes Yes
SLD identification SRR Y
D/C= Discrepancy/Consistency (PASS score analyzer)

DD/C= Dual Discrepancy/Consistency (R&\tbmponent of ¥8ASS software)

CDM= Concordanc®iscordance Model (obtain reliabilities and calculate simple differences by hand using formula)
PPA= Psychological Processing Analyzer (software)
GSER= CoreSelective Evaluation Process (no software)

WISGV PSW aligns with CDM and, therefore, will not be discusse

Information in this f #&ywdvashiosite thisififamoation, please cpntact me te raakedsure yoletihe most
current information: flanagad @stjiohns.edu
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Feature

Models are listed in order of publication
Pattern of Strengths and Weaknesses Method

Yes, No = positive DD/C CDM
Yes, No = negative
g X X Fl (Hale & (Dehn & (Schultz &
Ves, No = neither pos. nor neg., just different D/ C olfﬁza:?%;m’mo) Fiorello) Szasz) Stephens)
(features and designations provided by Dawn Flanagan (Naglieri) ’
and may vary by model author)
L. Based on theory Yes Yes Yes T s
PASS CHC
(and neuropsych) (and possibly
| cHC. based on
overlapping
3
2. Exclusionary factors must be Yes Yes Yes Yes
considered in identification of SLD
3. Clinical judgment necessary to inform Yes Yes Yes Yes Yes
SLD identification
D/C= Discrepancy/Consistency (PASS score analyzer)

DD/C= Dual Discrepancy/Consistency (R&\tbmponent of X8ASS software)
CDM= Concordanc®iscordance Model (obtain reliabilities and calculate simple differences by hand using formula)

PPA= Psychological Processing Analyzer (software)
GSEPR= CoreSelective Evaluation Process (no software)

Ed Shultz

(personal communication, Aug

Information in this
current information: flanagad @stjiohns.edu
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Overall model is based on current
policy and definition of SLD, testing

theory-based and best interpreted b
the design of the test.

ust 2019)

i # ywd veish fo site this ififamoatiok, please contact me te reakedsure yolelthe most

Evolution of PsychometricThe or i es € CHC

.
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{1AP) Dr. Kevin
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(1b) Thurstan’s Mukiph Factor (Primary Mengal Abilities ) Model

Asros fom g 1o cach et

(1d) CarrolI's Schmid - Leiman Hierarchical Theee-Stratam Maodel

..ek

{le) Camsensus Camell Harn Carrol | Hierarchical Three- Swratum Model

Nate: Circles represent
latent factors. Squares
represent mani st
measures (tests; T1.)
Single-headed path
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headed armows designae
lasesn factor corrdations

Figure 1: Major stages in the evolution of psychometric theories from Spearman’s g to Cattell-Horn-Carroll (CHC) theory
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CHC Cognitive Abilities Measured Across Most Intelligence Tests

General g (plus those that should be measured)
)
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Bold font indicates intermediate and MV Us
narrow abilities that are considered “ "1

“major” abilities. Others are “minor.”

CHC Theory Revised: A Visual Graphic Summanpdt y S A R $ NJ | wynRu ya OIJNBLBL(SNJ Ay Cf | yCoBtémporary Iraelest@al 2
Assessmel@ F2dNLIK SRAGAZ2Y ® b, YMiddbzbiay 21NAR1B8 t2aiSR 2y aODNBgQa

15

Progress iftNeuropsychologicalTheories

Input

Output

Third Functional unit First Functional Unit
(Frontal) (Brain Stem)

Planning <::> Attention
N RV

1 I

Sccond Functional Unit
(Occiptal, Parieta]
& Temporal)

Simultaneous | Successive

ALt | A

Base of knowledge
Base of knowledge
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FlanaganD. P, Ortiz, S. O., Alfonso, V. C., & Dynda,A. (2010. Integrating Cognitive Assessmenin
School NeuropsychologicalEvaluations (pp. 101-140). In D. C. Miller (Ed.), Bestpracticesin school
neuropsychologyGuidelinesfor effectivepractice, assessmengnd evidencebasedintervention (pp.).

New York: JohnWiley andSons
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Table 30.8 ® Lurian, neuropsychological. and Cattell-Horn_Carroll (CHQ) classifications of WISCIV subsesss

ﬁHC broad and narrow abilitih

( Lurian bloci ) (e i
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] 28 EE 2 99 g Sz 5 E= 9 80 £
b £y 88 5 8¢ g SIT S gE ¢ . o 7 5 "
Subtest < wad 2E w wd & 38 & Za ow  J o (U] o Y] o
Arithmetic v v v v v v vR v v
(RQ) (MW)
Block Design v v v v =
(SRVz)
Cancellation v v v v v v v v
(PR9)
Coding v v v v v v v v v v
(R9)
Comprehension v v v vER v
(K0,LD)
Digit Span v v v v v s s
(MS,MW)
Information v v v v v vE v
(K0)
Letter-Number v v v v v v v v
Sequencing MwW)
Matrix Reasoning v oo v v v
(1L,RG)
Picture Completion v v v v v v v
(KO) (CF)
Picture Concepts v oo v v v v v
U}
(K0)
Similarities v v v v v vE v v
[0} (VL,LD)
Symbol Search v v v v v v v s v
(P.R9)
Vocabulary v v v vE v
(VL) A
Word Reasoning v v v v oy Flanagan, Alfonso,
) ') Mascolo, & Hale (2010)
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Feature

Pattern of Strengths and Weaknesses Method

SLD identification

D/C= Discrepancy/Consistency (PASS score analyzer)
DD/C= Dual Discrepancy/Consistency (R&\@bmponent of 8ASS software)
CDM= Concordanc®iscordance Model (obtain reliabilities and calculate simple differences by hand using formula)
PPA= Psychological Processing Analyzer (software)

GSEPR= CoreSelective Evaluation Process (no software)

Informati
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e N = EiLIVE CAS2 | DD/C CDM [WISC-V.) PPA | C-SEP
Yes, No = negative _ _ D/C e (Hale & PSW | (Dehn& (Schultz &
= neither pos. nor neg., just different : Ortiz, Alfonso) Fiorello) (Wit KTEA- Szasz) Stephens)
(features and designations provided by Dawn Flanagan (Naglieri) ’ ¢ WIAT.HL
and may vary by model author) Pearson) X
1. Based on theory Yes Yes Yes Vs Yes See Commenf
CHC Neuropsych Neutopsych | Neuropsych
(and neuropsych) |  (and CHC) (and CHC) (and possibly
CHC, based on
overlapping
&
2. Exclusionary factors must be Yes Yes Yes Yes Yes
considered in identification of SLD
3. Clinical judgment necessary to inform Yes Yes Yes (e Yes Yes

on in this f #&ywdvash io site this iffamoatiok, please cpntact me te rmakedsure yoletihe most

current information: flanagad @stjiohns.edu
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Exclusionary Factors Form
Systematic, Comprehensive, Accountability
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X-BASS
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